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 Performance indicators (PI’s) are widely used to understand the match 

outcome and team strategies in elite rugby 15-a-side competition. This 

research investigates the differences in selected performance indicators 

among top two team compete in Rugby World Cup 2023. A total of 14 

matches (n=14) involving both team from group match until final was 

analysed with using hand notational analysis. The analysis based on 23 

selected performance indicators namely; scrum, scrum won, percentage 

of scrum, percentage of scrum over playing time, maul, maul won, 

percentage of maul won, percentage of maul over playing time lineout, 

lineout won, lineout steal, percentage of lineout won, percentage of 

lineout won over playing time, try, point scored, percentage of point 

scored over playing time, tackle made, tackle missed, Percentage of 

tackle miss, defenders beat, offloads, red card, yellow cards. The data 

were analysed with using the IBM Statistical Package for Social Science 

(SPSS), version 29 with the significant value set at p≤0.05. In 

conclusion, result demonstrate there are a significant different between 

top two team in percentage of lineout won, defender beaten and tackle 

miss while the rest of the PI’s shows no significant difference among 

them. The findings may provide valuable insight for coached in 

formulating an effective training programme. 
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1. INTRODUCTION 

This study examines key performance indicators (PIs) in the two leading teams at the 2023 Rugby World 

Cup, aiming to clarify how tactical execution and physical demands differ at the highest level of 

competition. While performance analysis in rugby union has developed considerably, there remains limited 

insight into the specific match behaviours that distinguish top teams in major tournaments. To address this, 

selected PIs were analysed alongside key contextual factors, including match status and opposition quality. 

A quantitative notational analysis approach was applied to identify meaningful differences in performance. 
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The findings reveal clear contrasts in the performance profiles of the two finalists, providing practical 

insights to support tactical preparation and performance optimisation in elite rugby environments. 

Rugby union is widely regarded as one of the most physically demanding team sports, involving 

frequent high-intensity collisions, structured tactical play, and continuously evolving game strategies 

(Bunker, 2020). Since its introduction in 1987, the Rugby World Cup has become the sport’s most 

important international competition, with the 2023 tournament in France drawing global attention. The 

sustained success of teams such as New Zealand and South Africa reflects the level of consistency and 

adaptability required to win at this level. Over time, the game itself has changed considerably. For example, 

Bunker (2020) reported a substantial increase in ball-in-play time between 1995 and 2011, indicating a 

faster and more physically demanding style of play. These changes have driven a shift in coaching practice, 

with greater reliance on systematic performance analysis rather than intuition alone. 

Performance analysis in rugby union has developed from simple descriptive statistics into more 

structured and detailed systems of tactical evaluation. Early work by Hughes and colleagues emphasised 

the need for clear operational definitions before conducting notational analysis (Hughes et al., 2011). More 

recent studies have extended this approach by incorporating contextual variables that influence 

performance. For instance, Wedding et al. (2023) showed that factors such as match status, opposition 

strength, and venue can significantly shape team behaviour. Similarly, Watson et al. (2022) identified 

differences in ball-in-play characteristics across competition levels, while Jones et al. (2015) demonstrated 

that tactical patterns vary between winning and losing teams, particularly across different tournament 

stages. However, most existing studies analyse performance across broad samples or entire competitions, 

rather than focusing specifically on the top teams within the same tournament. As a result, there is limited 

evidence to guide preparation against elite-level opposition. 

In rugby union, performance indicators refer to the observable and measurable elements of match play, 

such as tackles, rucks, mauls, scrums, lineouts, possession, and scoring outcomes (Hughes et al., 2011). 

These indicators can be analysed individually or compared directly between teams to evaluate performance. 

In this study, “top-ranked teams” denotes those that finished first and second in the 2023 Rugby World 

Cup, with final position used as a proxy for elite performance. Match status is defined by the scoreline at 

given moments in the game (leading, tied, or trailing), while contextual variables include opposition ranking 

and stage of competition (pool or knockout). A recurring limitation in the literature is the limited focus on 

performance at the highest competitive level. Studies that aggregate data across teams, tournaments, and 

contexts often miss the specific traits that separate championship-winning sides from the rest. As a result, 

it becomes difficult for coaches to identify the benchmarks required for success in major tournaments. Two 

research questions guided the analysis: (1) Are there significant differences between the champion and the 

runner-up? and (2) which indicators best distinguish them. Which performance indicators best distinguish 

between the two teams? 

The present study contributes to the literature by isolating performance differences at the top end of 

international rugby. Rather than examining a broad or mixed sample, it focuses solely on the two teams 

that reached the final of the 2023 Rugby World Cup, while controlling for contextual influences. This 

approach provides more precise benchmarks for coaches and analysts involved in high-performance 

environments. The findings can inform tactical planning, training design, and opponent-specific strategies. 

From a methodological perspective, the study adopts a positivist stance, treating match data as objective 

evidence that can be systematically coded and analysed. Performance is viewed as a measurable outcome, 

although it is recognised that contextual factors influence how these behaviours translate into match results. 

This perspective supports the use of quantitative methods and allows the findings to be applied to similar 

elite competition settings. 

2. LITERATURE REVIEW  

The Rugby World Cup (RWC) is the highest level of international rugby, held every four years and 

contested by twenty nations. The 2023 tournament is especially useful to study because it was the first 
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major event after the COVID-19 pandemic, offering a fresh look at elite performance under current playing 

conditions. Despite its importance, there is still limited research on the performance indicators that separate 

the very best teams in World Cup competition. This study helps address that gap by comparing the 

champions, South Africa, and the runners-up, New Zealand, to identify the key technical and tactical factors 

behind success at the highest level. 

Performance indicators (PIs) are the measurable elements used to assess how well teams and players 

perform. As highlighted by Hughes et al. (2011), clear and consistent definitions of these behaviours are 

essential for reliable analysis. In rugby, common PIs include tackles made, rucks contested, mauls retained, 

scrum success, lineout efficiency, possession, and territory. To ensure accuracy, these indicators need to be 

coded carefully and, where possible, validated with coaching staff (Hughes et al., 2011). Although these 

measures are widely used in both domestic and international rugby, their importance can change depending 

on the level of competition and the specific match context. 

Previous research shows that certain PIs are linked to winning, but these relationships are not always 

consistent. For example, Bunker (2020) found that successful playoff teams tend to be involved in fewer 

rucks, while higher ruck numbers are more common in group-stage wins. Colomer et al. (2020) identified 

several key predictors of success in international tournaments, including lineout success on opposition 

throws, tries scored, conversion rates, line breaks, tackles completed, turnovers won, and possession. More 

recently, Wedding et al. (2023) added context to this understanding by showing how factors such as match 

status, quality of opposition, and positional roles influence performance. Their findings suggest that 

forwards often perform more high-intensity transitions than backs, and that tactical decisions shift under 

pressure. 

However, most of this research focuses on domestic competitions or combines data from multiple 

international tournaments. As a result, it misses the opportunity to examine what makes teams successful 

within a single World Cup. No study has directly compared the champion and runner-up teams in the same 

tournament. This study addresses that gap by exploring how South Africa and New Zealand differed across 

key performance areas during the 2023 Rugby World Cup. By doing so, it aims to clarify whether winning 

at this level is driven more by technical execution, tactical choices, or the ability to perform under specific 

match conditions. These insights can help refine both performance analysis and coaching practice in elite 

rugby. 

Performance analysis in rugby union is grounded in the theoretical framework of notational analysis, 

developed to address a fundamental limitation in human observation namely, the inconsistency and 

inaccuracy of memory when recalling complex match events (Hughes & Franks, 2004). Within this 

framework, systematic observation and objective measurement form the basis for identifying performance 

indicators (PIs), defined as observable and quantifiable behaviours that distinguish successful from 

unsuccessful outcomes. As highlighted by Hughes et al. (2011), the use of clearly defined variables and 

validated coding protocols is essential to ensure analytical reliability. This process shifts performance 

evaluation away from subjective coaching impressions towards evidence-based assessment. While this 

theoretical foundation underpins much of contemporary rugby research, recent scholarship has raised 

concerns about how consistently these principles are applied in practice. 

Empirical studies have identified a range of PIs that differentiate winning from losing teams in elite 

rugby. Key indicators such as tries scored, offloads, line breaks, tackle success, and set-piece efficiency 

have been consistently associated with match success (Nicholls et al., 2024). In addition, relative 

performance indicators where team performance is evaluated in relation to the opposition have been shown 

to provide stronger predictive value than absolute metrics alone (Scott et al., 2023). However, these 

relationships are not stable across contexts. For example, Bunker (2020) reported that successful teams in 

knockout stages engaged in fewer rucks compared to those winning in earlier rounds, suggesting a shift in 

tactical approach as competition intensity increases. Similarly, analysis of the 2023 Rugby World Cup 

indicated that the effectiveness of ball possession varied significantly between winning and losing teams, 
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challenging the assumption that commonly cited indicators hold universal relevance (Villarejo-García et 

al., 2026). 

Such inconsistencies point to a broader methodological limitation within the literature: insufficient 

consideration of contextual variables. A systematic review by den Hollander et al. (2020) found that more 

than half of the studies examined relied on univariate analyses, failing to account for key situational factors 

such as opposition quality, match location, and stage of competition. This lack of contextualisation can lead 

to misleading interpretations, as performance behaviours are inherently shaped by environmental and 

competitive constraints. Supporting this view, Wedding et al. (2023) demonstrated that tactical decision-

making is influenced by match status, positional demands, and the relative strength of the opposition. These 

findings suggest that performance indicators cannot be interpreted in isolation, as their significance varies 

depending on the specific match context. 

Within Rugby World Cup (RWC) research, this issue is particularly evident. Existing studies often 

aggregate data across multiple tournaments (e.g., Colomer et al., 2020), compare group and knockout stages 

within a single competition (Bunker & Spencer, 2020), or analyse dominant teams against weaker 

opposition. While such approaches provide broad insights, they introduce confounding factors related to 

rule changes, evolving tactical trends, and varying competitive standards over time. Studies examining 

RWC finals between 1987 and 2015 have identified both attacking output and defensive efficiency as key 

discriminators of success; however, combining data across different eras limits the specificity and 

applicability of these findings. Notably, there remains an absence of research directly comparing the 

champion and runner-up within a single tournament. This represents a critical gap, as finalists compete 

under equivalent conditions and against opposition of comparable quality, offering a more precise context 

for identifying performance determinants at the highest level. 

The 2023 Rugby World Cup provides a valuable opportunity to address this limitation. As a 

contemporary tournament conducted within a consistent regulatory and tactical environment, it allows for 

a focused examination of elite performance without the confounding influence of historical variation. A 

direct comparison between South Africa and New Zealand, the champion and runner-up, enables analysis 

within a controlled elite-performance context. This approach isolates the marginal differences that separate 

championship success from near-success, offering insight into whether outcomes are driven primarily by 

technical execution, tactical decision-making, or the ability to perform effectively under high-pressure 

conditions. 

Accordingly, this study aims to contribute to the field of rugby performance analysis by presenting a 

focused comparison between the top two teams of a single Rugby World Cup. By integrating validated 

performance indicators with contextual analysis, it seeks to clarify the mechanisms underpinning success 

at the highest level of the game. The findings are expected to extend current theoretical understanding while 

providing practical implications for coaching, performance analysis, and athlete development pathways. 

3. METHODOLOGY 

3.1. Research Approach and Rationale 

This study used a quantitative approach to examine performance differences between elite rugby union 

teams at the 2023 Rugby World Cup. Quantitative methods allow for systematic measurement and 

statistical comparison of discrete performance events, generating evidence that can inform coaching 

practice (O'Donoghue, 2010). The study is grounded in a positivist perspective, assuming that performance 

can be objectively captured through observable and countable actions derived from video analysis (Hughes 

& Franks, 2008). 

In team sports, performance analysis relies on quantifying tactical and technical behaviours to 

distinguish successful teams from less successful ones (Lago-Peñas et al., 2010). Rugby union is well suited 

to this approach due to its structured phases, such as scrums, lineouts, and tackles. These features allow for 

consistent observation and measurement. Accordingly, this study focuses on identifying performance 
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indicators that differentiate championship-level teams, a question best addressed through numerical 

comparison rather than interpretive methods. 

A purely quantitative design was selected to align with the research aim and practical constraints. 

While qualitative insights (e.g., coaching decisions or player perceptions) could add context, the study 

prioritises measurable performance outcomes (Vaz et al., 2010). In addition, reliance on secondary video 

data limits opportunities for direct participant engagement. 

3.2 Research Design 

The design specifically involves comparative observational analysis, contrasting performance indicators 

between the champion and runner-up across multiple matches. Tracking both teams over seven matches 

provide a more complete picture than single-match analysis, capturing consistency and tactical changes 

throughout the tournament (Jones et al., 2004). 

Focusing on the top two teams reflects the study’s emphasis on elite performance. Differences at this 

level are often marginal, and including lower-ranked teams could mask these distinctions. This approach is 

consistent with research on expert performance (Ericsson, 2006). 

3.3 Study Context and Setting 

Data were drawn from the 2023 Rugby World Cup in France (8 September–28 October 2023), involving 

twenty national teams. South Africa (champion) and New Zealand (runner-up) were selected based on final 

standings, with South Africa winning the final 12–11. The tournament structure provides a realistic high-

performance environment, with teams facing varied opponents and increasing pressure across stages. This 

variation strengthens external validity, as findings reflect performance under different competitive demands 

rather than isolated matches. Differences in venue, weather, and playing style introduce variability, but also 

enhance relevance to real-world elite rugby contexts (Williams & Kendall, 2007). 

3.4 Target Population and Data Sources 

The target population included all knockout-stage teams (n=8), while the accessible sample consisted of 

matches played by the top two teams. The primary data source was full-match video recordings obtained 

from a third-party platform compiling Rugby World Cup footage. Each video covered the entire match, 

allowing all relevant performance indicators to be coded. The dataset included fourteen matches, seven 

match’s for South Africa (n=7) and 7 matches for New Zealand. Inclusion criteria were official tournament 

matches with complete, high-quality footage involving either team. Exclusion criteria included incomplete 

recordings, poor-quality footage, and non-tournament matches. 

3.5 Sampling Strategy and Justification 

A purposive census approach was used, analysing all available matches for both teams. This avoids 

selection bias and captures full performance trajectories across the tournament (Battaglia, 2008). Restricting 

the sample to finalists aligns with the study’s focus on elite-level differences. Including all teams would 

introduce wider variability and reduce sensitivity to subtle distinctions between top performers (Vaz et al., 

2010). 

The dataset comprised 14 matches and 23 indicators per match (322 data points). While modest, this 

aligns with typical sample sizes in rugby performance analysis. The number of matches is sufficient to 

capture variation while remaining manageable for detailed coding. Post-hoc power analysis (G*Power 3.1) 

indicated acceptable power (0.70) for detecting large effects (d=1.0), consistent with effect sizes reported 

in rugby literature. 
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3.6 Data Collection Methods and Instruments 

Data were collected using systematic hand notation analysis, a standard method in rugby performance 

research (Hughes & Franks, 2004). Trained observers repeatedly reviewed match footage to record 

performance indicators. Twenty-three indicators were selected based on established frameworks (Jones et 

al., 2004; Vaz et al., 2010; Ortega et al., 2009). The  twenty-three selected performance indicators including; 

scrum, scrum won, percentage of scrum, percentage of scrum over playing time, maul, maul won, 

percentage of maul won, percentage of maul over playing time lineout, lineout won, lineout steal, 

percentage of lineout won, percentage of lineout won over playing time, try, point scored, percentage of 

point scored over playing time, tackle made, tackle missed, Percentage of tackle miss, defenders beat, 

offloads, red card and yellow cards. 

All indicators were clearly defined using World Rugby guidelines. A structured Excel coding sheet 

was developed to organise data, including match details, indicator values, calculated percentages, and notes. 

Pilot testing on two matches helped refine definitions, particularly for ambiguous events such as mauls. 

3.7 Data Analysis  

Data analysis combined descriptive and inferential approaches using SPSS. Descriptive statistics, including 

means, standard deviations, and frequencies, were used to summarise team performance and to build overall 

performance profiles for direct comparison across indicators. Normality was assessed using the Shapiro–

Wilk test. Where assumptions were satisfied, independent samples t-tests were applied; otherwise, Mann–

Whitney U tests were used. Statistical significance was set at α = 0.05. Effect sizes (Cohen’s d and r) were 

calculated to provide insight into the practical relevance of observed differences. Given the number of 

comparisons, results are presented with both unadjusted p-values and Bonferroni-adjusted thresholds. No 

missing data were observed in the dataset. 

4. FINDING & DISCUSSION 

The objective of this study is to identify the differences in selected performance indicators among the top 

two ranking in RWC 2026. The independent variable is the ranking (New Zealand and South Africa), while 

the dependent variable comprises the selected PI’s.  

4.1 Descriptive Statistical Analysis 

The video and notational analysis data are subsequently examined using means and standard deviation 

(SD). The mean represents central tendency, while the standard deviation measures variability. The research 

compares the top two ranked teams in the Rugby World Cup 2023. The detailed analysis is presented in 

table below: 

Table 1. Descriptive statistics of the top two ranking teams in Rugby World Cup 2023 

Performance Indicators 

Group (Teams) 

South Africa New Zealand 

Mean SD Mean SD 

Scrum 12.57 2.15 10.00 2.71 

Scrum Won 7.57 2.15 5.86 2.34 

Percentage of Scrum Won 60.15 16.40 61.51 24.49 

Percentage of Scrum over Playing Time 15.71 2.69 12.50 3.39 

Maul 8.29 4.11 6.71 4.31 

Maul Won 5.43 4.61 4.14 3.19 

Percentage of Maul Won 55.50 27.31 51.49 31.53 

Percentage of Maul over Playing Time 10.36 5.14 8.39 5.39 

Lineout 27.86 5.18 23.29 6.26 

Lineout Won 12.29 6.18 13.00 4.83 
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Lineout Steal 1.00 0.82 2.00 1.16 

Percentage of Lineout Won 42.68 18.08 55.32 10.32 

Percentage of Lineout over Playing Time 34.82 6.47 29.11 7.83 

Try 3.86 4.30 7.00 5.13 

Point Scored 29.71 24.58 48.00 32.83 

Percentage of Point Scored over Playing Time 37.14 30.73 60.00 41.04 

Tackle Made 138.86 38.47 123.43 58.49 

Tackle Missed 24.86 9.49 15.43 8.14 

Percentage of Tackle Missed 17.97 4.68 12.52 2.53 

Defenders Beat 15.43 5.00 30.00 10.12 

Offloads 6.00 2.58 10.71 4.96 

Red Card 0.00 0.00 0.29 0.49 

Yellow Card 0.43 0.79 0.57 0.79 

Table 1 presents descriptive statistics for the top two ranked teams in the Rugby World Cup 2023. The 

study analysed 23 performance indicators, as listed in the table. Notably, South Africa exhibits the highest 

scrum rate (Mean±SD, 12.57±2.15), followed by New Zealand (10.00±2.71). Conversely, New Zealand 

has the lowest scrum won rate (5.86±2.34), compared to South Africa (7.57±2.15). In terms of maul 

performance, South Africa outperforms New Zealand with rates of 8.29±4.11 and 6.71±4.31, respectively. 

Similarly, South Africa excels in mauls won (5.43±4.61) compared to New Zealand (4.14±3.19). 

Additionally, South Africa dominates in lineouts (27.86±5.18) compared to New Zealand (23.29±6.26). 

When it comes to tackles made and tackles missed, South Africa maintains the highest rates: 138.86±38.47 

and 24.86±9.49, respectively, while New Zealand has the lowest rates: 123.43±58.49 and 15.43±8.14. 

New Zealand boasts the highest lineout steal rate (2.00±1.16), surpassing South Africa’s rate of 

1.00±0.82. In terms of lineout success, South Africa has the lowest percentage of lineouts won 

(42.68±18.08), while New Zealand performs better at 55.32±10.32. When it comes to tries scored, New 

Zealand leads with a rate of 7.00±5.13, compared to South Africa’s 3.86±4.30. Additionally, New Zealand 

excels in points scored (48.00±32.83) and the percentage of points scored over playing time (60.00±41.04), 

whereas South Africa achieves rates of 29.71±24.58 and 37.14±30.73, respectively. In terms of defenders 

beaten, New Zealand maintains the highest rate (30.00±10.12), while South Africa has the lowest rate 

(15.43±5.00). Lastly, South Africa records the lowest rate for offloads (6.00±2.58), whereas New Zealand’s 

rate is higher at 10.71±4.96. 

4.2. Normality Test 

Inferential statistics involves drawing conclusions about a larger population based on data from a sample. 

Confidence in the sample’s accuracy in reflecting the population is crucial. To assess normality, the 

Shapiro-Wilk test is applied to the 23 selected performance indicators. Table two reveals that 19 indicators 

are normally distributed (including scrum, percentage of scrum won, percentage of scrum over playing 

time, maul, maul won, percentage of maul won, percentage of maul over playing time, lineout, lineout won, 

lineout steal, percentage of lineout won, percentage of lineout over playing time, try, point scored, 

percentage of point scored over playing time, tackle made, percentage of tackle missed, defenders beat, and 

offloads), while four indicators (scrum won, tackle missed, red card, and yellow card) are not. For normally 

distributed data, the Independent T-test is used, while the Mann-Whitney U-test is employed for non-

normally distributed data. The details are as shown in the Table 2. 
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Table 2. Normality Test of the Selected Performance Indicators 

Performance Indicators Group (Teams) 

SOUTH AFRICA NEW ZEALAND 

Shapiro-Wilk Shapiro-Wilk 

df Sig. df Sig. 

Scrum 7 0.25 7 0.42 

Scrum Won 7 0.01 7 0.25 

Percentage of Scrum Won 7 0.22 7 0.90 

Percentage of Scrum over Playing Time 7 0.25 7 042 

Maul 7 0.84 7 0.85 

Maul Won 7 014 7 0.29 

Percentage of Maul Won 7 0.38 7 1.00 

Percentage of Maul over Playing Time 7 0.84 7 0.85 

Lineout 7 0.06 7 0.39 

Lineout Won 7 0.18 7 0.30 

Lineout Steal 7 0.14 7 0.14 

Percentage of Lineout Won 7 0.25 7 0.27 

Percentage of Lineout over Playing Time 7 0.06 7 0.39 

Try 7 0.13 7 0.36 

Point Scored 7 0.12 7 0.48 

Percentage of Point Scored over Playing Time 7 0.12 7 0.48 

Tackle Made 7 0.82 7 0.05 

Tackle Missed 7 0.01 7 0.04 

Percentage of Tackle Missed 7 0.16 7 0.59 

Defenders Beat 7 0.44 7 0.20 

Offloads 7 0.40 7 0.76 

Red Card 7 0 7 0 

Yellow Card 7 0 7 0.02 

 

4.3. Hypothesis Testing 

This section compares key performance indicators between the champions, South Africa (n=7), and the 

runners-up, New Zealand (n=7), across all matches in the 2023 Rugby World Cup. Independent t-tests were 

used for normally distributed data, while Mann–Whitney U-tests were applied where normality was not 

met. Statistical significance was set at p ≤ 0.05, with full results reported in Table 3. 

Table 3. Inferential Statistic Comparing Team Based on Team Ranking 

 

Performance 

Indicators 

Total 

(n=14) 
South Africa 

(n=7) 
New Zealand 

(n=7) 
95% Confidence 

Interval 
Sig. 

Mean 

(Std. Deviation) 

Mean 

(Std. Deviation) 

Mean 

(Std. Deviation) 
Lower Upper 

Scrum 11.29 

(2.70) 

12.57 

(2.15) 

10.00 

(2.71) 

-0.09 2.16 0.67  ͭ

Scrum Won 6.71 

(2.34) 

7.57 

(2.15) 

5.86 

(2.34) 

-0.34 1.84 0.24ʷ 

Percentage of Scrum 

Won 

60.83 

(20.04) 

60.15 

(16.40) 

61.51 

(24.49) 

-1.11 0.98 0.29  ͭ

Percentage of Scrum 

Over Playing Time 

14.11 

(3.38) 

15.71 

(2.69) 

12.50 

(3.39) 

-0.09 2.16 0.67  ͭ

Maul 7.50 

(4.13) 

8.29 

(4.11) 

6.71 

(4.31) 

-0.69 1.42 0.95  ͭ

Maul Won 4.79 

(3.87) 

5.43 

(4.61) 

4.14 

(3.19) 

-0.74 1.37 0.18  ͭ

Percentage of Maul 

Won 

53.50 

(28.41) 

55.50 

(27.31) 

51.49 

(31.53) 

-0.92 1.18 0.92  ͭ

Percentage of Maul 

Over Playing Time 

9.38 

(5.16) 

10.36 

(5.14) 

8.39 

(5.39) 

-0.69 1.42 0.95  ͭ

Lineout 25.57 

(6.01) 

27.86 

(5.18) 

23.29 

(6.26) 

-0.31 1.87 0.35  ͭ
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Lineout Won 12.64 
(5.34) 

12.29 
(6.18) 

13.00 
(4.83) 

-1.18 0.92 0.25  ͭ

Lineout Steal 1.50 

(1.09) 

1.00 

(0.82) 

2.00 

(1.56) 

-2.10 0.14 0.40  ͭ

Percentage of Lineout 
Won 

49.00 
(15.59) 

42.68 
(18.08) 

55.32 
(10.32) 

-1.94 0.26 0.04  ͭ

Percentage of Lineout 

Over Playing Time 

31.96 

(7.51) 

34.82 

(6.47) 

29.11 

(7.83) 

-0.313 1.87 0.35  ͭ

Try 5.43 
(4.83) 

3.86 
(4.30) 

7.00 
(5.13) 

-1.73 0.43 0.43  ͭ

Point Scored 38.86 

(29.44) 

29.71 

(24.58) 

48.00 

(32.83) 

-1.70 0.46 0.27  ͭ

Percentage of Point 
Scored Over Playing 

Time 

48.57 
(36.79) 

37.14 
(30.73) 

60.00 
(41.04) 

-1.70 0.46 0.27  ͭ

Tackle Made 131.14 
(48.23) 

138.86 
(38.47) 

123.43 
(58.49) 

-0.75 1.36 0.20  ͭ

Tackle Missed 20.14 

(9.81) 

24.86 

(9.49) 

15.43 

(8.14) 

-0.08 2.18 0.05ʷ 

Percentage of Tackle 
Missed 

15.25 
(4.59) 

17.97 
(4.68) 

12.52 
(2.53) 

0.23 2.62 0.13  ͭ

Defenders Beat 22.71 

(10.77) 

15.43 

(5.00) 

30.00 

(10.12) 

-3.07 -0.53 0.03  ͭ

Offloads 8.36 
(4.52) 

6.00 
(2.58) 

10.71 
(4.96) 

-2.32 -0.02 0.06  ͭ

Red Card 0.14 

(0.36) 

0.00 

(0.00) 

0.29 

(0.49) 

-1.91 0.29 0.14ʷ 

Yellow Card 0.50 
(0.76) 

0.43 
(0.79) 

0.57 
(0.79) 

-1.23 0.87 0.65ʷ 

ͭ - Independent T-Test, ʷ - Mann-Whitney U-Test 

 

4.4 Set-piece Performance 

Overall, the set-piece offered little to separate the two teams. Scrum involvement was similar, with no 

meaningful difference in frequency between South Africa (M=12.57, SD=2.15) and New Zealand 

(M=10.00, SD=2.71). Measures of scrum success for both team in absolute terms and as percentages also 

showed no clear distinction. A similar pattern appeared in maul performance. The number of mauls, 

outcomes, and efficiency rates were closely matched, with neither team holding a statistical advantage 

across these indicators. The lineout, however, told a slightly different story. While total lineouts, successful 

throws, and steals were broadly comparable, lineout efficiency emerged as one of the few points of 

difference. New Zealand recorded a higher success rate (M=55.32%, SD=10.32) than South Africa 

(M=42.68%, SD=18.08), and this difference reached statistical significance (p=0.04). 

4.5Scoring performance 

In attack, New Zealand tended to produce higher outputs, but the differences were not statistically 

significant. They scored more tries (M=7.00 vs 3.86) and accumulated more total points (M=48.00 vs 

29.71), yet the variability across matches meant these trends did not reach significance. When adjusted for 

playing time, the pattern remained the same, clear but not enough to determine the outcome. 

4.6 Defensive Performance 

Defensive results were more mixed. Both teams made a similar number of tackles, suggesting comparable 

defensive workload and structure. The key difference lay in tackling accuracy. South Africa missed more 

tackles on average (M=24.86, SD=9.49) than New Zealand (M=15.43, SD=8.14), and this difference was 

statistically significant (p=0.05). However, when expressed as a percentage, the gap was less pronounced 

and did not reach significance. 
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4.7 Attacking Performance 

Clearer separation appeared in attacking effectiveness. New Zealand consistently beat more defenders 

(M=30.00, SD=10.12) than South Africa (M=15.43, SD=5.00), and this difference was statistically 

significant (p=0.03). Offloads followed a similar trend, with New Zealand producing more, although the 

difference fell just short of significance (p=0.06). Together, these indicators point to a more expansive 

attacking approach from New Zealand. 

4.8 Summary 

Only three indicators clearly separated the two teams: lineout success rate, defenders beaten, and tackles 

missed. Across the remaining measures, South Africa and New Zealand performed at a similar level. This 

overall parity suggests that the difference between first and second place in this tournament was shaped by 

a small number of key moments and efficiencies, rather than broad dominance across all areas of play. 

5. CONCLUSION 

This study explored the tactical and performance differences between champion (South Africa) and 

runners-up team (New Zealand) during the 2023 Rugby World Cup, with the aim of identifying what 

separated the champions from the runners-up. The findings suggest that South Africa’s success was built 

on set-piece control and defensive intensity. They recorded higher rates in scrums (12.57), mauls (8.29), 

and lineouts (27.86), along with the highest overall work rate in the tournament (138.86). In contrast, New 

Zealand led the attacking metrics, averaging 7 tries and 48 points per game, and producing more offloads 

(10.7) compared to South Africa’s (6). These contrasting profiles highlight that winning a championship 

does not depend on dominating every performance category. Instead, success appears to come from a clear 

tactical identity, where strengths are maximised and weaknesses are effectively managed. 

This study adds to the rugby performance analysis literature by focusing on the top two teams within 

a single tournament. By doing so, it avoids the limitations of studies that combine data across different 

competitions and seasons, where contextual differences can blur interpretation. The findings also question 

the assumption that performance indicators consistently predict success across all stages of competition. In 

particular, they suggest that knockout rugby follows a different tactical logic compared to pool matches or 

league formats. 

From a practical perspective, the results point to the value of building a game model around key 

strengths rather than striving for balance across all areas. Coaches and analysts may benefit from prioritising 

tactical clarity and making informed trade-offs, rather than aiming for uniform excellence. Future research 

should consider models that account for tournament stage, opposition quality, and match context when 

identifying performance indicators linked to success in elite international rugby. 
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